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Abstract

Renal carcinoma is a common malignant tumor of urinary system. The Fuhrman grade of renal
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carcinoma is very important in the process of diagnosis and treatment. Therefore, whether the
grade can be accurately evaluated in the non-invasive method of tumor has a great impact on the
selection of the optimal treatment plan and prognosis of patients. Traditional imaging examina-
tions include computed tomography (CT), magnetic resonance imaging (MRI), ultrasound and
other technologies, but these technologies have certain limitations in the detection and judgment of
tumors. In recent years, texture analysis in imaging omics technology has been widely used in the
diagnosis and treatment of multiple systems of diseases. This article reviews the value of traditional
imaging techniques and texture analysis in evaluating Fuhrman grading of renal carcinoma.
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A, WS, RWIRRGE WEMEME, T B RS W ANE T i E S L — 2
S 9% . Fuhrman 70 % R GAE NG RN 7 A5 21 Z A0 [1]. HETIBEFERH, Fuhrman #7745
It 0 A A R B 3 TS B VDA R (2] [3] (4], RO R 2 AN T B FE B S R bR 2 — (5],
TEMRE AN BAZ TR . RN Bet DL R oAz A 2l AT B S5 2. Hrb, I~ Z0NK, T~V 0N
[6]o mad MR A B S R 28 1 RE ) S R ] RetE AR E TS [ 7). B L HFEF, S&it
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FESEAL RCC 72 Wi AN AT TRl r ke 25 A v il RELFRI R AR 5ol 5 TR ) 1 U 728 P F 8 i A 4L 41 L 4
B AE MRI [R5 22 R I FE T2 A5 5 ShASXT Lo MRT 25 # 1) BH R AR SR A LK IR 545 5
FREE[12]0 tHT /KBS B2 S Z Al sk 4l 22 2R ) 5, TRt ADC B #0055 3% BA 41 i W5 9% 1) Fuhrman
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THERERE 7T, BARAMRRE, R RAVEYFAT NN J1. Rk, SR & — g e E AT
5y AR LA T VP g s o P, 38 AT DA T PEA5 08 B2 40 0 AT SN AR RE VR T [ 1] ST 4F 2K, MRTA
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%00 RCC LAY RIFIIZ WM Re, (RIXEL S S AREAR R/, B AGIERTER RCC 47, Wang [22]5
I 745 MR S vl BE A B T X 23 /M <4 em) RHEH /NM<2 em) RCC WAL 458, XFPAERA
PEIEFTREN R RCC ¥ 7 A SR SR AL 25 2. . Ankur 28 \7E 2019 “E30E T8 T2WI L5
(AUC 0.807)7E PN JLANSEEE S HBE I [X 4 ccRCC ATHE ccRCC [23]. JG 3K, Wei 25 ARHL MR fA1& 4% 5
T T %0 ccRCC H1 pRCC. £ MR TO JIALT 1] A8 5 T #1485 2] A RS, A AT T AUC 2 63.57,
HERIRN 4.50%, REEN 0.81%, FEFMN 8.2% [24]. Uyen 5 N\ f F 22 A1 i R 57 A58 MR SUHER X 4y
NHTEERP B, 40 pRCC A1 ccRCC [25].
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A IR ZR G R 1) 2H 255 3 R G HE AR (012 WRD T 995 R L A B R, R LI 2 R A
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KBS, Lhian MRI S0 5081 MRI KBS B J& 38 70 B PPl 32 B8 T T2 InBUT S g . 2o
HES HIZR WY H & $(apparent diffusion coefficient, ADC)H] DWI A] &5 BT Ak A2 W22 47, AL 3640 i 14
T F1[26]. BAR HRTAEIEFT A 82325k TURBT MBI BB 32E 47 MRIAG 2, {H MRI 7] GE45 4 4
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P2 75% [29], XUEH] 73T MRI H)5E & TR 1EAS MIBC JH8 751 53 5 M 7 THI R BE 77 - Meng [30155 A
PEH 5 DWI AHEL, DKI o] DU LR 2 1) 58 S S HOR I W R O S5 R4 R 784K, 5 4 b s e 78 oW
SEMIII A, IXFE— SR F DK (4 e SO 43§ T RETE X 43 NMIBC 5 MIBC LA RARZ 5 FH i 2%
9 5 PO g 7 TH P 2B LlA% 88 ADC {1 E Faf 1

5. FEBRMERIBRE M
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FH RGN A . RAEGERBF SR HORBMEIRAAERKER[31]. BIMNES SRR
THE K, FL EFMA T OO T B 7L, 75 08— I Bt — D IR S B0 I . (Bl
PRI HT R 2 %o i R AR R B 1 58 A, X e ik 5 LI RT E R MR AN R P A R T [32] . B AR,
MRI 8 AR SR B IR kAR e X, JEEBT T2 BUsdg H F R, FAEAEE /N
IR PR AR FR RN, o T 20 43 82N 1 P Ra T B S e SO A3 B (V) EE IR R RS ST kA R
VIR BEAE AT Re 2z s fRont /N i ) BR A1 [21] [33] [34] [35] [36] [37]-

6. MNEERE

UL BT CAEA R R R B USGIEAT T Is ], BRI SR . FUBYE . BRI EEUE. B
TN B AR, SO TR 1 FBORBRIAAT (R J5 A B E BV BOR, R DAY Rt VR I2 W AR
B TBr, LUK ATREM R EVbR E[38].
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