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Abstract

Assessment of damaged buildings in post-disaster images can efficiently assist emergency rescue,
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command decision-making, restoration and reconstruction. In recent years, with the rapid devel-
opment of remote sensing technology and deep learning methods, there has been important tech-
nical support for efficiently grasping the damage of buildings after disasters. However, samples of
damaged buildings on high-resolution remote sensing images are difficult to obtain, and there are
few public datasets available for deep learning model training. Therefore, this paper uses the
Google Earth 20 image before the 2021 Yangbi M6.4 earthquake in Dali, Yunnan Province and the
post-disaster high-resolution UAV remote sensing image to extract the building contour automat-
ically respectively. By comparing and analyzing the distribution of buildings before and after the
disaster and the proportion of roof damage area of buildings after the disaster, and combining
with the post-disaster three-dimensional model to assist in research and judgment, a set of sample
data sets of post-disaster damaged buildings with damage grade attribute are finally obtained. It
provides data basis for algorithm research such as model training of building damage assessment
based on deep learning method.
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Figure 1. Comparison of images before and after the Yangbi M6.4 earthquake in Yunnan
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Figure 2. Overall technology roadmap
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Figure 3. Building results of pre-disaster images
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Figure 4. Post-disaster buildings distribution after verification
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Figure 5. Local comparison of pre- and post-disaster images
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Figure 6. Damaged building sample set of the Yangbi M6.4 earthquake
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Figure 7. Candidate areas for completely damaged building that are easily identified by 2D orthophotos
E 7. ZHIESEBEZPRRTEREBEFIIREX

DOI: 10.12677/airr.2022.113024 233 PNER ST IR YN


https://doi.org/10.12677/airr.2022.113024

(8) —UEIESHIAG L5 2 I e S i X C(b) S X SR

Figure 8. Candidate areas for completely destroyed buildings that are not easily identified by 2D orthophotos
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Figure 9. Buildings with obvious damage to the fagcade but intact roof shape
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