Computer Science and Application HEHLAI 5 R, 2019, 9(10), 1882-1891 Hans )i
Published Online October 2019 in Hans. http://www.hanspub.org/journal/csa
https://doi.org/10.12677/csa.2019.910211

Multi-Category Prediction of Stock Price
Based on LSTM

Fengxian Chen?, Jianqun Zhao?

'College of Electronics and Information Engineering, Tongji University, Shanghai

*The College of Economics and Business Administration, Guangdong Polytechnic of Science and Trade,
Guangzhou Guangdong

Email: 978753958@qg.com

Received: Sep. 24", 2019; accepted: Oct. 9", 2019; published: Oct. 16", 2019

Abstract

In order to predict the rise and fall of stock prices, a method based on long-term and short-term
memory network (LSTM) is proposed. According to the stock price increase and decrease, through
the quantitative classification of the ups and downs, it is transformed into a multi-classification
problem. The basic transaction information of the stock is used as the feature input, and it is
trained by the neural network. Finally, the stock’s ups and downs are classified and predicted. The
data set is divided into three parts: the whole category set of the Shanghai and Shenzhen 300 con-
stituent stocks, the bank set and the securities. The experimental results show that the model has
a better forecasting effect in the case of multi-classification of the ups and downs; at the same time,
in a certain kind of stocks when making predictions, the model trained with the historical trading
information of such stocks is better than the model trained with the overall stock trading informa-
tion.
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Figure 1. LSTM unit structure [14]
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Figure 2. LSTM prediction model
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Table 1. Data set overview
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Table 2. Partial data set information
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Figure 3. Shanghai and Shenzhen 300 overall stocks up and down
distribution map
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Figure 4. Securities stocks up and down distribution map
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Figure 5. Bank stocks up and down distribution map
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Figure 6. 3 kinds of classification data distribution map
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Table 3. 6 classification accuracy in different model
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Table 4. 3 classification accuracy in different model
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