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Abstract

This study explores the application and impact of ChatGPT in various subfields of natural language
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processing, encompassing question answering systems, dialogue systems, text generation, ma-
chine translation, as well as speech recognition and generation. The findings suggest that ChatGPT
not only enhances performance in these tasks and paves the way for new research and application
pathways, but also presents new challenges and opportunities for computational linguistics and
natural language processing in the post-ChatGPT era. The study discusses in detail how to optim-
ize the understanding and generation of natural language, and how to more effectively handle
low-resource languages and specific domains. In addition, this paper proposes suggestions and
expectations for future research, emphasizing the importance of model interpretability and relia-
bility, as well as the necessity to pay attention to the social impact of language models. It is hoped
that the findings and suggestions of this study can provide valuable references and insights for
research in computational linguistics and natural language processing in the post-ChatGPT era.
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