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Abstract

At present, colleges and universities in China need to innovate the talent cultivation mode, estab-
lish and improve a multi-level and multi-type big data talent cultivation system, and focus on culti-
vating cross-border compound talents with multi-disciplinary knowledge such as statistical analysis,
computer technology and economic management. Based on the above, in view of the core curricu-
lum of big data talent cultivation, combined with the actual application background, the teach-
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ing case that meet the students’ understanding ability and application ability are designed. Using
large-scale data sets and machine learning algorithms, various characteristics and importance
rankings that affect bank customer churn are analyzed, and the average absolute error and other
indicators are used to evaluate the performance of the model, and the methods to improve the
performance of the model are analyzed. It is of great significance to strive to improve the interac-
tion level between theoretical and practical teaching, and to cultivate high-quality applied innova-
tive talents with strong practical ability and innovative consciousness.
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Table 1. Table of variable description

1 TEMRR

AR 44 F5 KSR S Ap T AL B
Credit Score Score HE™ EHE
Gender Gender TR 4 5]
Age Age HHDY E
Tenure Tenure CIERE! vami
Balance Balance HriE Ay K 4255
Numof Products Num HE™ T SEAAT =
Has CrCard Card LAY HREHE
IsActive Member Act TR THIRE
Estimated Salary Salary HfE A oAk 5%
Exited Exited TR R
Table 2. Table of feature coding
R 2. {FEmEER
L4 .
p_— — ) Gender Card Act Exited
0 g4 ¥ 5 3
1 5 H = &
Table 3. Exited* Gender cross table
%% 3. Exited* Gender 22 X 5Btk
Gender
it
0(F) 1 (M)
4 3404 4559 7963
0
Gender 1% 74.9% 83.5% 79.6%
Exited
W 1139 898 2037
1
Gender H1 1% 25.1% 16.5% 20.4%
RN 4543 5457 10000
it
Gender H1 1% 100.0% 100.0% 100.0%
3.3. XS

2R NRFAE Z TR A R R AR, 2L R ) IEAH R PR 2, SR EullR I SR SR MR B . 1) 2
RO, CRKRT 5 R IEMRRRRNEY), HIRBEE R KRB, KRR Rtk
WK, “WR” 5 CWEATREET CEHET HREIMBOVR IR, KR AR
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Figure 1. Comparison chart of the number of “gender” characteristics

1 “MR)” FHEREXTLEE

CreditScore Gender Age Tenure Balance NumOfPr HasCrCard IsActiveM Estimated Exited

oducts ember Salary
CreditScore -0.003 -0.004 0.001 0006 0.012 -0.005 0.026  -0.001 -0.027
Gender -0.003 [ 0028 0015 0012  -0.022 0.006 0.023  -0.008 -0.107
Age -0.004  -0.028 -0.01 0.028  -0.031  -0.012 0.085 -0.007 0285
Tenure 0.001 0.015  -0.01 -0.012  0.013 0.023 0.028 0008 -0.014
Balance 0.006 0.012 0028  -0.012 0.015 -0.01 0.013  0.119
N”"l‘fc)tff °d 0012 0022 -0031 0013 0.003 0.01 0.014  -0.048

HasCrCard -0.005 0.006 -0.012 0.023 -0.012 -0.01 -0.007

'SACtl')‘gmem 0026 0023 0085 -0028 -001  0.01 -0.012 -0.011 0156
ESt'r‘l‘:r;‘*dsa -0.001  -0.008 -0.007 0.008 0013 0014  -0.01 0.012
Exited 0027 0107 0285 -0014 0119 0048  -0.007 _ -0.156

Figure 2. Correlation coefficient heatmap
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Table 4. Logistic regression model coefficient table

F+ 4. ZEATHEIRE R HR

Estimate Std. Error z value Pr (>|z])

(Intercept) —-1.63013 0.03047 —53.499 <2e-16 Fxx
Score -0.06303 0.02684 —2.349 0.0188 *
Gender —0.27034 0.02687 —10.06 <2e—16 FrK

Age 0.76423 0.02676 28.561 <2e-16 Fxx
Tenure —0.04253 0.02683 —-1.585 0.1129
Balance 0.31479 0.02871 10.964 <2e-16 Fxk

Num -0.02104 0.02699 -0.78 0.4356

Card -0.01321 0.02678 —0.493 0.6217

Act —0.53943 0.0286 —18.86 <2e-16 FxK
Salary 0.02863 0.02702 1.06 0.2893

*{F% p T 0.05, ***3E p {H/MT 0.001.

B7 4 w51, A IUAMRHER p iz /N T 82K 0.01, 512 “HH” “ER” IR
GEERE T o REMENIE R RRAIE S e AR B R IEM e, W MR IR ECN-0.27034,  “TERIRE
17 B R ECN-0.53943, Ui ERURTEERE SRR T REMESE . ok, USSR IR p BN
—0.06303 < 0.05, {HZA/NT 0.01, B HIMEHES AN BERECES, KREUE N, UWHE
FH P RRAT 25 A R R P RE AR

3.5. HHBUEIE

REARZE 4 BB AR G IR 2 AL R A BE R, ArLICRR& DB 48 i Bl 3 i) 7 250 B
TR B EARAE, BP0 — Mk Bt TR RIS FoR, ' E shik $E 5 i B 4R w5 i e K
HFOm A g, FREERRIRLEA B E AR, HSRIRAINTE PRk KR RAEE, B2 RIRERS SR
%5 R

Table 5. Logistic stepwise regression results

% 5. BEMTELSEIALER

Df Deviance AIC Estimate

<none> 8708.4 8.72E+03 -1.6296
Tenure 1 8710.9 8722.9 -0.0426

Score 1 8714 8726 —0.06328

Gender 1 8810.4 8822.4 -0.27

Balance 1 8846.8 8858.8 0.3211

Act 1 9091.6 9103.6 —0.53983
Age 1 9599.9 9611.9 0.76447
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Table 6. The confusion matrix before partitioning the data set
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Table 7. The confusion matrix after partitioning the data set
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0 1
0 3861 792
1 148 199
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