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Abstract

With the rapid development of the hotel industry, online reviews on e-commerce platforms have
become an important resource for studying consumer behavior and improving hotel services. This
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research comprehensively applies data crawling technology of the Selenium library, LDA topic
modeling method, and sentiment analysis of the SnowNLP model to conduct a thorough analysis of
the review data of Shanghai hotels on Tuniu.com. It delves into the satisfaction and emotional dis-
tribution of consumers in hotel reviews, understanding the core needs of consumers for hotel ser-
vices, and provides data support for hotel management and service optimization.
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Figure 1. Text mining and analysis flowchart
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Figure 2. Word cloud diagram of consumer online reviews
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Figure 3. Visualization of the LDA model with three topics
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Table 3. Consumer sentiment distribution statistics
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