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Abstract

In this paper, the problems of stochastic uniformly ultimate boundedness, the existence of sto-
chastic attractor and mean square exponential stability for stochastic Hopfield neural networks
are studied by constructing proper Lyapunov-Krasovskii functional, utilizing the reciprocally con-
vex approach, the free-weighting matrix method, some stochastic analysis techniques and linear
matrix inequalities technique (LMI). We deduce novel results and delay-dependent sufficient
conditions for stochastic Hopfield neural networks. Finally, numerical simulations are given on
MATLAB to verify the effectiveness of the gained results.
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Figure 1. Stochastic uniformly ultimate boundness of system
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Figure 2. Mean square exponential stability with initial value [-5,5]
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