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Abstract

China’s real estate industry has entered a new era of sustained and rapid development. As a result,
the price of real estate went up. At the same time, real estate bubble emerged in cities which made
urban housing prices become a hot issue among the public. The author analyzed the factors of this
issue and made suggestions as follows: firstly, a large amount of real estate price data was col-
lected. According to analyzing difference among the data, nine factors that could affect real estate
prices were found out. Then, the author used AHP (Analytic Hierarchy Process) to establish a
model of level analysis. This model determined three main factors that influenced property price.
Then the paper confirmed the model’s validity through applicability and consistency testing. Se-
condly, according to the collected data and the conclusion which made by AHP, a multiple linear
regression model was established. The least square method was used to solve the model and ob-
tain model parameters. Then, the predictions of the model were tested. Besides, the extreme test-
ing proved its reliability. Finally, targeting at the present situation of real estate market in China
and conclusion of the model, suggestions are given in this paper. These suggestions can be used in
many ways: policies on land resources, market and other policies. These suggestions also gave the
government ways to control real estate bubble.
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Figure 1. Model of hierarchical analysis model
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Table 1. Sequence of nine factors
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My (= B 31 AR 0.2921 1
Mg (& RHSN) 0.1879 2
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Table 2. Cost of land construction and national average price of home from 2002 to 2012 [4] [5]

%2 2.2002 F£ E 2012 £ MHIEIGRA S £ ETEHEMN[4] [5]

4 i it 55 AP S B B 0 A (TT/m?) A B A (TT/m?)
2002 2250 1678
2003 2359 1755
2004 2778 2080
2005 3167 2401
2006 3367 2516
2007 3864 2898
2008 3800 2848
2009 4681 3526
2010 5032 379
2011 5357 4046
2012 5791 4380
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Figure 2. Cost of land construction and national average price of home
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Table 3. Per-capita disposable income and national average price of home from 2002 to 2012 [4] [5]
= 3.2002 £ & 2012 F AR ZECHIWIAN 5 £ BT H54] [5]
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2003 2359 8472
2004 2778 9422
2005 3167 10,493
2006 3367 11,760
2007 3864 13,786
2008 3800 15,781
2009 4681 17,175
2010 5032 19,109
2011 5357 21,810
2012 5791 24,565
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Figure 3. Per-capita disposable income and national average price of home
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Table 4. GDP and national average price of home from 2002 to 2012 [4] [5]
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2007 3864 246,619
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2009 4681 340,902
2010 5032 401,512
2011 5357 473,104
2012 5791 519,470
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Figure 4. GDP and national average price of home
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Figure 5. Residual plot of multiple linear regressions
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