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Abstract

The problem of small samples and high dimensionality has always been a research hotspot for
statisticians. Different from the traditional parameter estimation method of variable selection, in
this paper, we apply the relevant knowledge of transfer learning, and borrow data with different
distributions from those that need to be predicted. It effectively helps us solve the prediction
problem of target domain data. We propose a novel two-step transfer learning algorithm based on
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Dantzig selector. In numerical simulations, we verify the robustness and effectiveness of the pro-
posed transfer learning algorithm in generalized linear models as well as in different covariance
data designs, which shows that the proposed algorithm has certain practical application value.
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