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Abstract

With the increase in car ownership, traffic flow forecasting has become a focus of current research.
Aiming at the problem of utilization points of spatial features in traffic, this paper proposes to di-
vide road sections into four kinds of relations between upper and lower sections and analyze the
spatial characteristics of road ID, road length, and width on different sections by using K-means to
analyze the internal influence of spatial traffic flow. This method fully considers the spatial cha-
racteristics of traffic flow data, uses K-means clustering to analyze the spatial feature factors and
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the relationship between them in-depth, completes the spatial feature analysis of traffic flow, and
provides more effective data for more accurate spatial-temporal joint prediction processing.
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Figure 1. The relationship between k value and SSE
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Figure 2. Spatial feature analysis diagram
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Figure 3. Clustering results at 7~8 o*clock (left), 13~14 o‘clock (middle), 17~18 o’clock (right) results on Workday
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Figure 4. Clustering results at 7~8 o’clock (left), 13~14 o’clock (middle) and 17~18 o’clock (right) on weekends
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Figure 5. Clustering results of 7~8 o’clock (left), 13~14 o’clock (middle) and 17~18 o’clock (right) holidays
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