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Abstract

Aiming at the constrained optimization problem, an improved salp swarm algorithm was pro-
posed to solve the constrained optimization problem. The constrained optimization problem is
transformed into a series of unconstrained optimization problems by the outer point method, and
then the salp swarm algorithm (DLSSA), which combines the two-leader and loser elimination
strategy, is used to solve the unconstrained optimization problem to obtain the solution of the
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constrained problem. The numerical experiments of the proposed algorithm are carried out by
using six constraint optimization benchmark problems. Experimental results show that, for all
problem algorithms, the solution of algorithm PF-DLSSA is superior to that of algorithm PF-SSA,
that is, the optimal value and other data obtained by the experiment are superior to that obtained
by the comparison algorithm PF-SSA. The proposed algorithm can effectively solve constrained
optimization problems, and the effect is better than that of the comparison algorithm.
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Table 1. Comparison results of objective function values for constrained optimization problems
Fl. ARMALREE BIR R BEXT SR

i) 75t Bk R iE A M i
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