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Abstract

Currently, as environmental protection increasingly becomes a strategic focus for many countries,
the field of carbon neutrality is facing significant development opportunities. To achieve energy
conservation, emission reduction, and dual carbon targets, we require relevant data to support
policy formulation and accurately predict and analyze carbon emissions. To this end, our team has
studied the application methods and considerations of mathematical models in the field of carbon
neutrality, aiming to lower computational barriers. We primarily use Deng’s Grey Prediction Mod-
el and other mathematical models to calculate and forecast carbon emissions. The research re-
sults show that our Grey Prediction Model has high predictive accuracy, with a precision of 0.03,
reaching a secondary level of precision.
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Table 1. Original sequence data table

1 RIGFIIBIER

A ] T HE 7 R (12,00
2012 93.65
2013 9.13
2014 96.64
2015 96.52
2016 96.56
2017 98.68
2018 100.43
2019 101.90
2020 102.43
2021 118.9
2022 1148
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Table 2. First-order accumulated data table of original sequence
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Table 3. Average data table
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Table 4. Data of parameters a, b
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Table 5. Residual test results
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Table 6. Carbon emission forecast table
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2027 129.38
FE 00 S5 R vT Ak, ] B A R s 1 L 1

N

126 1

124 1

122 1

120 1

118 1

20IZ3 20124 20I25 20I26 20I27

Figure 1. Carbon emission forecast chart
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