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Abstract

Background and Objective: In recent years, the rapid development of artificial intelligence (Al)
technology has created a new machine for surgical diagnosis and treatment. A large number of
academic and clinical studies have shown that high-level auxiliary diagnosis and treatment sys-
tems based on artificial intelligence technology can significantly improve medical care. The rea-
dability of the data objectively provides a reliable and comprehensive reference for doctors, which
can narrow the experience gap between doctors, and help doctors to design a better treatment
and make more accurate diagnostic decisions. This study used bibliometric techniques to study
artificial intelligence in the field of surgery. The relevant literature is visualized and analyzed, and
the current situation and research hotspots in this field are summarized. Methods: Relevant lite-
rature on artificial intelligence in the field of surgical research was obtained from the Web of Science
core collection database. Benefits VOSviewer software was used to analyze the number of papers,
countries, institutions, authors, journals, cited literatures and keywords, so as to summarize and
generate a visual knowledge map. Results: The total number of papers in this study was 1913. We
present the annual publication and introduction of artificial intelligence in surgical research. The
most productive countries/regions, the most influential scholars, journals and institutions, as well
as research priorities and hot spots are presented. Conclusion: This study systematically summa-
rizes the current status and trends of artificial intelligence in the field of surgery, and lays a foun-
dation for future research.
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Figure 1. Annual number of publications
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Figure 2. Number of publications in the top 10 communication authors’ countries (SCP single-country cooperation, MCP mul-
ti-country cooperation)
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Figure 3. (a) Venn diagram between top 50 journal publications and top 50 journal citations; (b) Details of 16 journals with

high publication rate and citation rate after merging
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Figure 4. The author cooperation network diagram
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Figure 5. The author’s institutional cooperation network diagram
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Figure 6. References co-cited
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Figure 7. Keyword co-occurrence graph
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