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Abstract

Target recognition belongs to pattern recognition, which refers to the process of differentiating
one or a class of special targets from a number of targets by means of artificial or technical means.
Ship target recognition is of great significance to the maritime rights and maritime security of a
country. According to whether the target image is used in the recognition process, the ship target
recognition is divided into two categories based on imaging and non-imaging. The identification
process of the two kinds of methods is summarized, and their advantages and disadvantages are
briefly analyzed.
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Figure 1. Flow chart of target recognition
E 1. BAriRARRERE

ERIRB S AL E

U

FHERR S BoRiEE

Vi

Birsr £ 5HA

Figure 2. Ship recognition process based on imaging technology
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Table 1. Comparison of the advantages and disadvantages of different imaging methods
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Figure 3. The process of image preprocessing
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Figure 4. Ship recognition process based on non-imaging technology
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Table 3. Comparison of two ship target recognition methods
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