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Abstract

About the decision tree algorithm, the quantity of the attribute value types determines the quan-
tity of the decision tree branch. Based on this, we put forward a new method which can optimize
attribute value. The examples show that the method can optimize the quantity of the decision tree
branch, and reach the purpose that simplifies the decision tree structure. This method has no ef-
fect on the classification accuracy of the C4.5 algorithm.
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Table 1. Instantiation data table
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Table 2. After the first method processing and merging data table
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Table 3. After the first method processing and second merging data table
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Table 4. After the first method processing and third merging data table
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Figure 1. The first step in generating the decision tree
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Figure 2. The second step in generating the decision tree

B2 ERRRNE_L

Figure 3. By the improved algorithm generates decision tree figure
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Figure 4. The first step by not optimized attribute ingesting data to generate decision tree
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Figure 5. The second step by not optimized attribute ingesting data to generate decision tree
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Figure 6. By not optimized attribute ingesting data to generate decision tree
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