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Abstract

In this paper, we mainly focus on the influence of the amount of credit in personal credit scoring.
At first, we divided the customers into two parts based on their credit amount, and give different
weights to the wrong-judging of different parts of customers; Then we used the cost-sensitive SVM
model to establish a new personal credit evaluation model. Results suggest that this new model
can decrease the total cost of personal credit evaluation, and improve the accuracy of judgment of
those large customers who will break the contract.
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Table 1. The classification of sample customer
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Figure 1. The box-plot of the distribution of credit amount
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Figure 2. The probability density of credit amount
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fff P Bt ot = T R AR AR . Ty, MG T IR H SVM Y, S0 SVM BRY AT DA AR R A 2 )
R ALK, [ AT DA st R B P G R S i A R R B 7 1 A 2

AR HER R X L

85.00%
80.00% 2
75.00% ;
70.00%
65.00%

60.00%
55.00%

50.00%

SVM  eccece C-SVM

Figure 3. The comparison of accuracy for all samples
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Figure 4. The comparison of misjudgment loss
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Figure 5. The comparison of accuracy for contract-broken and big-amount customers
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Figure 6. The comparison of accuracy for contract-unbroken and small-amount customers
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C-SVM 66.76% 57.32% 73.13% 68.03% 53.33% 270.04
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