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Abstract

Online comments have an important impact on the user’s decision, some unscrupulous merchants
will take advantage of this point through hiring people and other ways to praise their own goods
or slander competitors’ goods to affect the user’s judgment and maximize the interests. In order to
ensure the interests of the public consumers and present the most objective and true evaluation of
products to users and provide users with the most reliable reference, it is particularly important
to classify product reviews. In view of the above the problem, the author combines the text of com-
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ments and the features of comment publishers, respectively uses the convolutional neural networks
model (ACNN) with attention mechanism to extract the features of product reviews, so as to im-
prove the accuracy of classification. Several experiments on real dataset show that the accuracy of
this method in the classification of comment validity reaches 87.2%, which is better than only ex-
tracting the features of reviews and only incorporating the attention mechanism into the comment
text.
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Figure 1. Convolutional neural networks model
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Figure 2. Pooling strategy

2. i IREE

2.2. EBHINH

ENFEH, BT ITAE B —#, R 2 ARG S, X HLHI I & P .
R IBR I T AL R R, BUE SR M SR — A EEM S . AN THREO, EEh
TN W 2 S5 BB S o, JFE BRI S REE., Gt o) B A AN SEA & K E N
RLF . AR IS, BERE SRS FRFAEAE 58 TR AN F RO ARLEE, AT I 21 58 47 AR R 0 R [10]

KEHE R R ELE Encoder-Decoder HE4Z R, Encoder-Decoder HESE A& —FhiR FE 2 > AUk (I i
FUBES, R T ) FXF <Source, Target>, K4 At Source, 1EIZMESLA Bl H b f)+ Target, £
HEZE A, St Source 4l H1A]1E L C, Fls C M5 % Target.

—WRAEVE B ANURI T AR e, 285 23 Query (i), Key (B#)A Value () =MEZE, =#HH

JEESIHLBIRA S, a0 3 Bios.

Keyl

Key2 Key3 Key4

Query

Valuel

Value2 Value3 Valued

Source

Figure 3. The principle of attention
3. AENNEIRE

Attention [T IS FE— M WL =25
WHR—: 15 Query Al Key HIAHME, I8 EH SRBHEW AR 1 FR). RIZAELETHE @A
2 JIm)FIM & M g 1H R (A 23 FR).
Similarity (Query, Key; ) = Query - Key,

o))

DOI: 10.12677/csa.2021.1112312

3094

RGXIRE =SS


https://doi.org/10.12677/csa.2021.1112312

I
-
i
4

Similarity (Query, Key, ) = ey - Ke%i .

- [Query]-[Key]
Similarity (Query, Key, ) = MLP (Query, Key; ) ®)
IR 51 Softmax BN IR — A = A R BT BUE 4, — 7 T H — AL A 3R (B R Y

W 2 FIR 1 RS A, 55— J7 @ Softmax (¥ P9 ZEALEIIE N ZC R IOAE, — BRIt H AR (4)
fi, H, LAREHN AT Source (KL, Sim; A1 Sim; o b — B BER H IAIALE o

Sim;
a, = Softmax (Sim, ) = e—sm (4)
e
WIR= PR & Ht/2 Value AU 28,  IBCSKRAITE 3] Attention HME, THE WA G)FR.
Attention (Query, Source) = ziL:Xlai ‘Value, (5)

Attention [I{F F B8 AR RVIZ S, MR F AL, JERE TSR P S InBCR,
R R R, K AEE ) 2%, AR H

3. KX &

AR SOR RN T AL B R 2 8 K PP IR SCAR MDA R AT E R L ER &5 18, MRl ik 4
MR TS I AERA FR[11], A SCHIAE Y (Attention-CNN) S A4 24| 4 Ffrar o

Sy HOA FHCRIK

\

VRS SCA

itk

B4R RERR Signoidf)R
FHIE

\ —
HEBIE EBRZ k)=

Figure 4. Attention-CNN
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