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Abstract

To improve the tourist experience and increase the income of tourism companies, tourism route
recommendation has become an important method. Many existing methods train and learn the
interaction history between tourists and routes to improve the recommendation performance.
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However, the user co-occurrence information, co-disliked routes and co-liked routes are very im-
portant for modeling tourist preference. Therefore, this paper proposes a route recommendation
algorithm based on embedding representation and weighted matrix factorization. Firstly, it ex-
tracts user’s co-occurrence information, co-disliked routes and co-liked routes based on the inte-
raction history between tourists and routes to establish word vector model by extracting co-oc-
currence tourists’ likes/dislikes of routes. Then it uses weighted matrix factorization to decom-
pose the interaction history, the co-occurrence traveler information, co-disliked routes and co-
liked routes to complete the route recommendation. Finally, the effectiveness of our method is
evaluated on a real data set of a travel company of Xiamen Airlines.
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Figure 1. Effect of negative sampling rate
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EWMF 0.509 0.563 0.599 0.468 0.492 0.503 0.401 0.414 0.418
KG-ULSP 0.492 0.543 0.589 0.457 0.482 0.497 0.387 0.404 0.409
LCF 0.479 0.537 0.586 0.441 0.467 0.476 0.384 0.397 0.403
WMF 0.465 0.521 0.554 0.422 0.443 0.453 0.374 0.385 0.388
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