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Abstract

With the rapid development of the open source ecosystem, more and more developers have joined
the open source community to build open source projects with an open, shared, and collaborative
software development model. Many code hosting platforms, such as GitHub, host a large number
of open source projects, covering various technical fields. Developers can search for topics or
projects they are interested in by keywords to explore, contribute, or reuse code. However, de-
velopers often need to spend a lot of time and energy to accurately describe their interests and
characteristics of target projects through keywords, and find projects that meet their own needs.
To solve this problem, this paper proposes an open source project recommendation method based
on bipartite network representation learning. This method combines the different participation
methods of developers when participating in project contributions, constructs an open-source
contribution bipartite network based on the activity model, and integrates the explicit and impli-
cit relationships between developers and projects to recommend open source projects to devel-
opers. The experimental results show that the accuracy of the proposed method can achieve over
42.37% when recommending 20 candidate projects, which means it can effectively recommend
closely correlated projects to developers.
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Figure 1. Overview of the open-source project recommendation framework
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Figure 2. An example of the open-source contribution bipartite network
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Figure 3. Comparison of recommendation performance after adding code commit information
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