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Abstract

Aiming at the problem of deep neural network training, this paper proposes a residual network
(ResNet), which simplifies the training of deeper networks and improves the speed and accuracy.
ResNet is a landmark model of convolutional neural networks. ResNet50 is a representative of
ResNet. In order to solve the problems of gradient disappearance and deep network training, its
residual network uses residual connection to lift residual features as the subtraction method of
learning features in the input of this layer, which makes it more widely used in various fields.
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2.2. ResNet50
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1) Identity Block: i NIt (I 4EFEAR[E], o LERERZ AN, n] B4 AR NN, 4E B2 A2 (input shape = output
shape).
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2) Conv Block: i NFIHH AEFER—A MR, AREELLREL, ERERAKIZN 1 SCRFFER
ERYEEAREL L, DULR4E ARS8 5 AN 3 4E FE (input shape ! = output shape).
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Figure 1. Structure diagram of ResNet50
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