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Abstract

In the case of insufficient lighting conditions, video surveillance images will have problems such as
dark images, large noise, and color distortion, which seriously interfere with people’s judgment of
image content. The use of image enhancement algorithms can effectively improve the quality of
images. Based on the research on the existing popular image enhancement techniques, an im-
proved Retinex-Net algorithm is proposed. This method uses the residual network for feature fu-
sion to obtain more detailed feature maps, and solves the problem of color deviation in enhanced
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images by adding color loss. Experiments show that the improved Retinex-Net algorithm improves
the brightness of the image and improves the color distortion of the image, and the overall effect is
improved.
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Figure 1. Improved Retinex-Net network structure diagram
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Table 1. Image evaluation index comparison
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Ours 18.42 0.69
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Figure 2. Algorithm enhancement rendering comparison
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