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Abstract

With the rapid development of the Internet, how to quickly and accurately obtain the information
required by users from the massive network resources has become a key issue. General search
engines provide users with retrieval services through web page collection and indexing, but this
retrieval method based on keyword matching often ignores the identification and matching of us-
ers’ real query intentions. Vertical search engines provide specialized and customized information
retrieval services for users in specific fields and backgrounds by narrowing the collection range,
which is a hot research topic in the current search field. The topic crawler is a web page collection
module of a vertical search engine. Only the topic-related web pages are kept on the search path.
This paper mainly focuses on the webpage analysis method and search strategy of the topic craw-
ler, and discusses how to improve the index performance of the crawler. In previous studies, the
crawler strategy combining link structure evaluation and web content evaluation has achieved
good results. However, this method generally treats the link evaluation problem as a single-objective
problem, which is difficult to adapt to the diversity of web pages. At the same time, the global
search ability is not strong, and it is easy to fall into local optimum. After analyzing the above situ-
ation, this paper proposes a topic crawling strategy based on weighted decision genetic algorithm.
This strategy introduces an improved TrustRank algorithm based on the existing genetic algo-
rithm crawling strategy to improve the anti-cheating ability and the importance of the calculated
webpage, using a number of webpage content information to judge the relevance of web pages and
themes, and by selecting genetic factors and setting fitness functions to give these two indicators
the corresponding weights to judge the value of the webpage to be downloaded, which ensures the
use of genetic algorithms to enhance the overall. On the premise of search performance, the im-
portance and topic relevance of crawling pages are enhanced. Compared with the existing genetic
algorithm, the search strategy of the weighted decision genetic algorithm can improve the preci-
sion and recall rate of the subject crawler to a certain extent, expand the search scope of the
crawler, and better meet the user’s subject retrieval needs.
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