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Abstract

The real estate industry is closely related to the development of the national economy, so it is of
great significance to carry out financial risk warning. There are many methods for the financial
risk warning of real estate enterprises, and these methods have certain shortcomings. So far, there
is no case of deep learning for the financial risk early warning of real estate enterprises. Therefore,
this paper establishes a financial risk early warning model based on deep learning, and takes AVIC
real estate as an example for specific analysis. The results show that it is constructed by the model.
Early warning of financial risks in 2016-2017 shows that they all have financial risks, which is in
line with the actual situation.
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Table 1. Financial risk indicator system
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Table 2. Select the quantity distribution of the sample company for each year
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Figure 1. Training effect
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Table 3. Forecast accuracy statistics
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Table 4. Results of normalization of financial indicator data (unit: %)
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