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Abstract

The development, application and popularization of crop meteorological automatic observation
SEAEE

XEFIH: N, skED, WRig, WS, BEg, Wisa, Ak, EMS R AN E AR W RIR SR E ).
£k, 2021, 11(11): 1046-1051. DOI: 10.12677/hjas.2021.1111142


http://www.hanspub.org/journal/hjas
https://doi.org/10.12677/hjas.2021.1111142
https://doi.org/10.12677/hjas.2021.1111142
http://www.hanspub.org

technology is a new mode and technical way to accelerate the upgrading of traditional agricultural
management mode and promote the development of modern agriculture in China, which can ef-
fectively support the rapid development of modern agriculture. This paper introduces the devel-
opment, research and application status of automatic crop meteorological observation technology
in research institutions at home and abroad, analyzes the existing shortcomings and pain points,
and points out the key technology and development direction of this technology and application.
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Figure 1. Installation effect of crop meteorological observation station
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