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Abstract

Wind speed prediction, as a prerequisite for seismic design and wind farm, has a very important
application prospect. Firstly, this paper briefly introduces the basic methods of neural networks
and support vector machines and their recent improvements in wind speed prediction. Secondly,
the firefly algorithm as a new algorithm has been applied widely in other fields, and in the wind
speed prediction it can also combine support vector machines. Due to the shortcoming of basic
firefly algorithm, this paper also lists some improvements of the firefly algorithm. Finally, the
forecast of wind speed prediction and the algorithm of firefly are prospected.
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