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Abstract

Face detection is a kind of computer technology which can analyze and distinguish facial features
by extracting them. This paper introduces two face detection algorithms based on Haar feature
and residual network. The advantages and disadvantages of the two algorithms are analyzed by
comparing the detection speed, the brightness of ambient lights and the integrity of human faces.
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Figure 1. Feature template
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Figure 2. Residual structure
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Figure 3. Face detection effect map based on Haar feature
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Figure 4. Face detection effect map based on residual network
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