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Abstract

How to effectively identify financial fraud behavior of listed companies has become an important is-
sue of continuous concern in the industry and academia. In this study, the A-share listed companies
in the pharmaceutical and biological industry that have been punished by the China Securities Reg-
ulatory Commission in the past five years are taken as samples. Taking Kangmei Pharmaceutical as
an example, 24 features are selected based on the fraud triangle theory, and Random forest classifi-
cation algorithm model combined with SMOTE Oversampling technology is used for testing and
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analysis. The results indicate that compared to simply categorizing companies into fraudulent and
non fraudulent categories, using multiple different feature sets to establish models or constructing
models with multiple different algorithms for financial fraud screening research is more effective.
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Figure 1. Importance of each feature in the fraud opportunity model
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Figure 2. Importance of each feature in the fraud pressure model
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Figure 3. Importance of each feature in the fraud excuse model
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Figure 4. Opportunities, pressures and excuse risks of financial fraud of Kangmei
Pharmaceutical
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