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Abstract

The growth of e-commerce business tended to be flat and the ultra-high-speed growth brought by
traffic and mobile Internet dividend was basically over. E-commerce business entered a refined
operation phase. Different from the offline operation mode, the electricity supplier’s order quan-
tity is mainly affected by the marketing strategy and can collect detailed operational data, which
has great potential for utilization. In this paper, by way of modeling, linear regression model and
non-linear model, that is machine learning model, are used to predict the conversion rate. The
purpose of this paper is to help platform-based e-commerce providers to predict the conversion
rate and to assist in setting different conversion rates according to the different stages of business
objectives and allocating marketing resources. At present, most researches mainly focus on theo-
retical research, lacking of analysis of specific application links. From the perspective of data and
models, this paper starts from the feature selection to the selection of models as the logic to carry
out modeling analysis of the impact of marketing strategy and draws corresponding conclusions,
with practical guidance value.
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Figure 1. Conversion rate and different promotional investment line chart
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Figure 2. Order conversion rate and independent visitors line chart
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Table 1. Partial correlation table for order conversion rate and other variables

L ITRRUREHKATENREXRER

uv Turn redu off Woff
Turn -0.275 1 0.312 0.282 0.242
S Ul 0.001 0.001 0.001 0.001 0.001

Table 2. Model fitting accuracy index comparison table
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