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Abstract

As the financial industry booms, the stock market becomes more popular. Facing the increasingly
prosperous development of the stock market, the research on investment decisions is becoming
increasingly important, and how to accurately predict stock prices is the core key. There are many
types of factors that affect stock price fluctuations, including economic policies formulated by the
state, company operations, market economic development, etc. Because of the existence of these
random factors, it is difficult to achieve accurate stock price predictions, and the best predictions
can only be made within a limited range. Good prediction. Time series analysis is an important
tool in the economic field used to fit changes in financial data. In the stock market, time series
analysis is often used to predict the changing trend of stock prices over time. It has certain appli-
cability and can make valuable predictions on stock price fluctuations within a certain range. This
article mainly introduces the definition, properties and modeling process of time series analysis
methods. Empirical research and analysis on Ping An Bank’s stocks: Establish a time series model,
specifically including ARIMA model and residual autoregressive model, to explore the daily open-
ing price of the stock. Finally, by comparing the fitting effect and prediction effect, the advantages
and disadvantages of different time series analysis models were compared, and their reference
value for the implementation of stock prediction was discussed.
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Figure 1. Time series analysis modeling flow chart
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Figure 2. Time series chart of Ping An Bank stock closing price
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Figure 3. First order difference of Ping An Bank stock closing price time series chart
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Lag Covariance Correlation
0 1. 758012 1.00000
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3 1. 598868 0. 90947
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Figure 4. Autocorrelation results
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Figure 5. Partial correlation results
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Table 2. Model comparison results
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Figure 6. Model fitting and prediction results
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Figure 7. Model fitting results
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