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Abstract

In this paper, time series, artificial neural network, gray forecast are adopted to predict the power
of wind turbines. By means of setting up three types of rational prediction models and performing
error analysis, this paper presents an improvement scheme to make predictions more accurate.
Finally, the models are applied to several wind turbines. The analysis demonstrates that the orig-
inal measurement data often contain various errors, so the prediction accuracy of wind power
cannot be infinitely increased.
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Figure 2. Data difference processing sequence curve
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Table 1. Characteristics of three basic models
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Table 2. Error analysis of time series model
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Figure 3. Comparison curve of prediction data and real value
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Figure 4. Neural network structure diagram
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Figure 5. Predicted value curve graph
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Table 3. Error analysis of neural network
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Table 4. Error analysis of grey model prediction
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