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Abstract

With the development of information technology, electronic text information is increasing. Auto-
matic text categorization is a key technology that can facilitate users to obtain the required infor-
mation accurately in the mass text information resources. It enjoys a wide application in various
fields. From the perspective of improving the classification accuracy, this paper used the “Teleo-
logical Survey Specification for Railway Engineering Geology” (TB1002-2007) as the training
standard. Firstly, based on the word segmentation principle of natural language processing (NLP),
the text document is segmented by computer and human. Then the feature reduction technique is
applied to the word segmentation results of text documents. The words with high word frequency
are selected as the final geological survey corpus. The corpus contained geological terminology.
Finally, machine-learning methods are used to automatically classify the text after word segmen-
tation. After comparing the classification results of various classification algorithms, this paper
finds that selecting K-nearest neighbor classifier is more ideal than the others due to unevenness
of geological exploration data classification.
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Table 1. Name and quantity of all geological prospecting documents
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