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Abstract

This paper discusses the link prediction problem of multi-layer networks and proposes a link
prediction method that combines the information of the topological structure of the multi-layer
network. We further analyze the influence of the information of the inter-layer structure on the
prediction accuracy of the multilayer network link.
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Table 1. The AUC values obtained by five different methods on lawyers network
1. AMARAEERTRIN=ZEMERIRSEIN AUC &

LPIMN NSILR LPIS LPPN ENNS
Advice 0.87 0.81 0.83 0.78 0.73
Work 0.85 0.78 0.82 0.71 0.67
Friend 0.85 0.83 0.81 0.70 0.78

Table 2. The AUC values obtained by five different methods on AU-CS data
= 2. AMARESEER AU-CS HiIEBEIM AUC &

LPIMN NSILR LPIS LPPN ENNS
Work 0.85 0.78 0.82 0.71 0.67
Lunch 0.92 0.87 0.87 0.89 0.87
Facebook 0.92 0.83 0.78 0.76 0.75
Leisure 0.92 0.88 0.84 0.75 0.83
Coauthor 0.93 0.86 0.74 0.74 0.73
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