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Abstract

In order to explore the structure and content of emerging media communication in the warm-up
stage of the Hangzhou Asian Games, and help relevant departments to more effectively supervise
and guide public opinion, this paper innovatively constructs the LDA Topic model for the commu-
nication content of the Asian Games. This paper builds a Latent Dirichlet Allocation model for the
text of the Asian Games by crawling Sina Weibo content related to the Hangzhou Asian Games, uses
Perplexity evaluation indicators to determine the optimal number of topics in the model, and then
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uses the framework and context theory to mine the relevant text content from the structure and
content. The results show that the warm-up communication content of the Asian Games mainly
revolves around six frameworks: entertainment promotion, participants, infrastructure, start and
end ceremonies, market cooperation, and competitive projects, showcasing people’s affirmation
and expectation of Hangzhou hosting the Asian Games; At the same time, the Asian Games have
also played a certain promoting role in the development of China’s economy, especially in Hangzhou,
and provided opportunities for domestic and foreign economic cooperation.
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Figure 1. Schematic diagram of LDA model structure
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Figure 2. Line chart of perplexity - number of topics
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Figure 3. Maximum theme LDA visualization
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Figure 4. The weight and keyword cloud of Weibo themes
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