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Abstract

In the field of aircraft maintenance, data-driven predictive maintenance methods are constantly
evolving to improve aircraft safety and efficiency. Through data collection and processing, data
exploration and visualization are carried out, followed by model development and validation to
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achieve model deployment and monitoring. Finally, predictive maintenance strategies are formu-
lated and fed back, optimized, and recorded. This paper discusses the method of data-driven air-
craft predictive maintenance, especially the combination of data exploration and interpretable data
model, in order to provide a more efficient and reliable aircraft maintenance solution and provides
the corresponding reference and guidance for the construction of predictive maintenance platform.
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Figure 1. Calculation plot of the normal distribution of data in the area where the fault is concentrated
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Figure 2. Overall framework and methodological diagram
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Figure 3. B Aircraft performance degradation case left side versus right side
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Figure 5. A350 VFG time series analysis
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