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Abstract

Network security protection requires the fusion and analysis of all kinds of multi-source and he-
terogeneous data, so as to extract knowledge clues and discover the implicit correlation relation-
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ship between data items, and furthermore, to support the duties of security monitoring, research
and judgement, disposal and response. Starting with objects, targets and methods of data fusion,
this paper puts forward the elements of network security data fusion, focuses on the data fusion
methods based on statistics, data mining and artificial intelligence, and discusses the applicability
in the field of network security.
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Table 1. Data fusion elements of network security
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