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Abstract

A mid-long term load forecasting method based on big data theory is proposed because of the
present complicated forecasting models and bad adaptability. The method focuses on the data and
the load in large area is partitioned to different levels and classified to different types. Then the
relationships among data are researched. Based on the characteristic of each partition and analy-
sis of corresponding data, the load forecasting model is established, and thus the elaborate load
forecasting is realized. In the end, the validity of the method is proved by practical example in
power system.

Keywords

Mid-Long Term Load Forecasting, Big Data, Partition and Classification of Load, Elaborate Load
Forecasting Model

B 1 &Gt R RA S far T BY
REARTHT

INFE, F M, B OE, R OB, T K, B OF EBRE FEE

E UG 15 AT SRt AR, 4RFH
Email: gianshan ch@163.com

Wk i 20144F10H31H; BRI ER: 2014F11H19H; FHHEN: 2014/F11H26H



http://www.hanspub.org/journal/sg
http://dx.doi.org/10.12677/sg.2014.46030
http://www.hanspub.org
mailto:qianshan_ch@163.com
http://creativecommons.org/licenses/by/4.0/
mailto:qianshan_ch@163.com

R 2R G R R 7 Ay RN B0 K ks 2 A

 E

AR RAF KRR LS. ENEEEAR, REETAREREOPRARFRNGTE. &
TEDBREAT O, BRI AT ES X LR, FHORBEZ M RIRE . $5%& X 8 5
SR R, AR R b, B S BRSNS PRBUAR Y, SEBUR XA S AR AL TR
) S X B B, AR T 205 SRR Rtk

XA
RSN, KEHE, AR XK, R

1. 518

HR AR Ay I e R R T B -4 L UL R S AT T, O R LRI AR 1S 2 . T ]
J . REMIA T2, BR T LUK PR EE R . AHSRER AN, 852 B R DA U B A IR
&, TWREMRBUR, VLRARIRHE AR, PRI A R — N R 2 4, AR
AHE L. AR 2 22200 o K A R AT 7RI AT, EEAA RIS E[L] ARG R GRS FE2]
[3]% BAR N T e T 52 A 22 I 28 TR 4] [5]% UEHRERIS T%:[6]. BRIz IBIAR[7] S RF10 &
HUFEIE 8] I LETHI T7 ik T B LR B by, T IEAEU2 TG, S A AR, JFAR
P KB U HEAT MR e, T AR B A NS 2R . T &5 SR ™ AR T B R, kT R A R
R, BRSSP

HRAR I B Ay TN 52 % 22 BEHLIR R AORE I, B0 IR I B BE Bt B Tk v b A o 1 iy A2
R[] ARAS b ok e AT AAL IR 2 R e, TR A R e (K 5243 T ARG HE ) DAy T A RS
FIRERRAR . AR R A AR IR R, A RS A RS R R B ST K R . T skBR b, RIS
BT OBERRIRE RS S, WS A FRA S A DL, AN ARSCER T THR AL A et
AUREE R BEEOR ORI @A ER . ARG S, AR T TR EE AR Y A e T
M5, FEAERE I ) A ALk AR T

REHEBARL0] [LL]RE A R () @i AT 7 ) TR, s B g 1 —Fh 4 i B, & DLEOR (1
IINTAEEE gty B a2 B S AR R HAE 2 o T AT A7 ey TN i s R ) el ke R, R
REAETTE, AT REAEEATAB T A2, BRI A S A 1 DR A 3 . A
5 NEE (A _E R 2 KM FB AR RIS AE S, SRR i HE 2 808 2 A Ak BRSBTS A% Lo 0
17 7 VRAERI A, IR B X R S 028 AL S HE N A TR AR Y, e e S BeE T TV
AT 2k
2. R¥ERBIE AT URIAESR

A T — A T A S B RSO L B A AT AR L AT ANR 2 3 A S T LA EAT
BEF K S A B0 A7 s PRI X s ) SR B vy, BN R AT Ax i e b, ELSE AR {5 R 8 AL
ARRALIEI ARG, DOR BT &, wlsl 1 Por.

BARIR T GREE: PRGN R 2, MR A UAR R, RAUZ, MIEPHS =
RRAWARF R . ENCERZ AT, WEERIAT S m oM, e RS m 067 1075 2o Rl E,



P 2 G R K SO0 A7 TN 4 K s 23 A

HURTUN 77 5%

AMERARE i e

: BAHIES | mmem :

|

I s o

I - |

| szsmer | |

eplielieglingliglingliog ! || G, SR ||
|

HIRS T KB
j:d

e
|| w#Rizznn ||
[

HIRFHEE, T

fine [%@%@T}
ABREFA N
| HIRTANE |
| HIRBMR |
| HIERE |
HER | emmm | EEEBETRE |
| Jii| [ |
| s g AR
! el R AR !
| H EREAEEARE:
| * EREIREARE |
| » BERERE |

. SNENES_ESENEE SIS RIS . o SENEY IR RS S,

Figure 1. Frame diagram of big data load forecasting
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Figure 2. Open hierarchy chart of load partition and classification
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Figure 3. Horizontal and vertical relationship diagram among big load
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Figure 4. Model structure diagram of load partition
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Table 1. Basic data of load forecasting
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Figure 5. Load types analysis in whole city
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Figure 6. Load analysis diagram in each partition
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