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Abstract

Integer-valued time series data are very common in many fields and can be fitted by integ-
er-valued generalized autoregressive conditional heteroscedasticity (INGARCH) models. In this
paper, the problem of change point detection in INGARCH model is studied. Based on the likelih-
ood ratio scanning method (LRSM), the number and location of change points in piecewise statio-
nary INGARCH process are discussed. Then the validity of LRSM is verified by a large number of
numerical simulations, and finally it is applied to the analysis of real data.
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Figure 1. The flowchart depicts the procedure for detecting change points in a piece-
wise stationary autoregressive process
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Figure 2. Sample path from Model A to Model F
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Table 3. Simulation results from Model G to Model L
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v, ={0.6+0.4log(X,, +1)+0.2v,, 401<t<712,
1+04log(X,, +1)+0.2v,,  713<t<1024.
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Figure 4. Epileptic seizure counts data
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Table 4. Parameter estimation of the Poisson INGARCH (1, 1) model
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Table 5. Parameter estimation of the Log-linear Poisson INGARCH (1, 1) model
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