Advances in Applied Mathematics W $Z# &, 2016, 5(2), 269-275 Hans X
Published Online May 2016 in Hans. http://www.hanspub.org/journal/aam
http://dx.doi.org/10.12677/aam.2016.52034

The Solution of Sparsity-Constrained Split
Feasibility Problem

Hanxiao Chang, Jun Sun, Biao Qu

School of Management, Qufu Normal University, Rizhao Shandong

Email: sunjun901203@163.com

Received: May 4™ 2016; accepted: May 23", 2016; published: May 26" 2016

Copyright © 2016 by authors and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY).
http://creativecommons.org/licenses/by/4.0/

Abstract

In this paper, we mainly study the solution of sparsity-constrained split feasibility problem. Under
some reasonable assumptions, we use IHT algorithm to get the stationary points of sparsity-
constrained split feasibility problem and get a conclusion which plays an important role in local
convergence analysis.
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