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Abstract

Wood moisture content is an important technical parameter in the wood drying process. In order
to deal with data of the wood drying test more accurately and effectively, we decided to use the
advantages of RMA neural network model to design an algorithm for wood moisture content in-
fluencing factors and relationship of time. Firstly, we select a kind of neural network named Re-
current Neural Network to set up a model algorithm. And next thing is building an operation pro-
gram which can express the RMA neural network model well. Finally, we combine real empirical
data with the program, and we get functional statements of systemic wood moisture content.
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Figure 1. Temperature and time at the experimental point
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Figure 2. Humidity and time at the experimental point
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Figure 3. Simulation of experimental data (temperature) by neural network
model
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Figure 4. Simulation of experimental data (humidity) by neural network
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