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Abstract

Under the condition of the rapid development of modern information technology, military forces
in various countries are making heavy use of conventional or non-conventional communications
equipment in order to win the war. Therefore, this paper attempts to use the Hilbert-Huang
transform to extract and analyze the signal characteristics of the same type of communication
radiation source, and then use the clustering algorithm to identify the individual signals from the
classification and identification of the general communication signals. However, the actual signal
is noisy, so this paper applies wavelet threshold denoising method to noise reduction. These are of
great value and significance to enhance the capability of military communications in fighting
against war under information conditions, to enhance access to and utilization of intelligence in-
formation in the coming wars, and to grasp the initiative of the war.
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Table 1. The first set of data (excerpt)
= 1. B—HIREIE)

—746 —608 -735 -80 528 191 212
—300 —224 -321 176 336 156 153
500 736 —473 —48 —720 —228 —247
—302 -176 327 —224 144 —279 —100
=75 —640 51 144 576 293 325
—655 496 —666 144 —464 162 45
482 320 474 —240 —208 —288 —235
—305 —464 301 64 416 -178 -1
729 -16 729 224 112 310 283
—305 320 -335 —224 -336 150 -62
500 —192 —484 —64 —208 -329 —271
Table 2. The second set of data (excerpt)
= 2. BHARRAIE)
64 414
—64 171
—64 —405
208 -172
-80 417
—240 196
192 —424
160 -175
Table 3. The third set of data (excerpt)
= 3. B=HBHE(IIR)
-198 —476 436 -277
472 —447 -47 -480
334 287 14 209
—554 6 940 138
121 —640 —202 —722
582 427 —-300 769
-621 251 531 798
-530 -996 643 —-810
690 22 —958 —445
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Figure 1. The total flow chart of classification and identification of
communication radiation source signals
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Figure 2. Eight IMF components and their spectra
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Table 5. Reliability of recognition
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2.9416 47.08%
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