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Abstract

Sparsity in tensor decomposition has solved some difficulties encountered in actual application.
This paper simply introduces related concepts of tensor and CP (CANDECOMP /PARAFAC) decom-
position. Then, we propose the decomposition based on Lq norm (0< g <1), and solve it by Alter-

1
nating Direction of Method of Multipliers. This paper also gives an explicit solution when Q= r
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