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Abstract

Short-term traffic flow is a kind of strong random data, which is not only affected by historical
data of upstream and downstream, but also related to weather factors. In order to improve the
accuracy of short-term traffic flow prediction, a combination of genetic algorithm and BP neural
network is used for research. At the same time, aiming at the shortcomings of the random initial
weight of the BP neural network and the traditional genetic algorithm is easy to fall into local
optimum and premature convergence, a short-term traffic flow prediction of the BP neural net-
work based on the adaptive genetic algorithm optimization is given A model that optimizes the
initial weight of a BP neural network through an adaptive genetic algorithm to predict and ana-
lyze short-term traffic flow. The reliability of the model is verified with experimental data. The
model can optimize the travel experience and specify traffic congestion measures for the traffic
management department.
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Figure 1. Basic structure of BP neural network
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Figure 2. Genetic algorithm flow chart
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Figure 3. BP neural network optimized by improved genetic algorithm
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Figure 4. One day’s traffic volume on the target road section
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Figure 5. Comparison of traffic flow prediction results of different algorithms
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