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Abstract

This paper studies the method for solving the minimax problem, the exponential penalty function
is used for smoothing the problem which can be transformed into a smooth unconstrained opti-
mization problem. We also use the conjugate gradient method to solve the unconstrained optimi-
zation with penalty parameters problem. Finally, numerical results are given to illustrate the ef-
fectiveness of the algorithm for solving minimax problems.
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Table 1. Numerical results for example 1 - 3
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Mifflin 1 2 8.4613e-05 36
Mifflin 2 2 5.4972¢-05 276
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Figure 1. The numerical results of Cresent
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Figure 4. The numerical results of example 4
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