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Abstract

This paper proposes a first-order random coefficient mixed thinning integer-valued autoregres-
sive time series model (Po-RCMTINAR(1)) as the innovation sequence has a Poisson distribution.
The moment and auto-covariance function of the model are studied, and the unknown parameters
are estimated using the Yule-Walker method. Finally, a set of actual data sets are used to compare
with the MTINAR(1) model. According to the MSE criterion, the first-order Poisson random coeffi-
cient mixed thinning integer-valued autoregressive model (Po-RCMTINAR (1)) is more suitable for
analyzing this data set.
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