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Abstract

At present the number of diabetics worldwide is huge and growing, and nearly half of people don’t
know that they are sick. In order to diagnose and treat diabetes as soon as possible, this article
establishes a preliminary diagnosis model of diabetes. We select diabetes data set from UCI ma-
chine learning library and use SPSS software for data analysis. First, the factor analysis method is
used to reduce the dimension of the influencing factor data, and the common factors and their
corresponding values are obtained. Then, a binary Logistic regression model is established ac-
cording to the common factors, and the disease can be predicted according to the model.
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Table 2. KMO and Bartlett test
2 2. KMO FnE45F454838

KMO HURf& U1 4 0.593
ERRTT 952.822
LR R IR T P A B H 28
BEN 0.000
Table 3. Total variance explained
oy st R g, i METER mmee e PEERITEUR g
1 1.980 28.288 28.288  1.980 28.288 28.288  1.709 24.418 24.418
2 1.533 21.905 50.194 1.533 21.905 50.194 1.355 19.359 43.777
3 1.001 14.299 64.493  1.001 14.299 64.493  1.309 18.703 62.480
4 0.881 12.587 77.080 0.881 12.587 77.080 1.022 14.600 77.080
5 0.654 9.339 86.419
6 0.544 7.776 94.194
7 0.406 5.806 100.000
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Table 4. Rotated factor and Score matrix
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Table 5. Hosmer-Lemeshow test

=5 BEE - REHRAN

®I7 B HE wE
9.808 8 0.279

2) HEFRPEEaI 6, HERGPE 75.3%, ERABIES U R HER .

Table 6. Forecast precision
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Table 7. Logistic regression model
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[ i T RE 0.869 0.100 75.364 1 0.000 2.386 1.960 2.903
SRR R 0.679 0.097 49.180 1 0.000 1.971 1.631 2.383
IR WG & 0.388 0.093 17.329 1 0.000 1.474 1.228 1.769
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