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Abstract

With the continuous growth of GDP, more and more people are willing to spend their time travel-
ing during holidays. The number of tourists in scenic spots increases rapidly and the demand is
concentrated, which is easy to cause regional traffic congestion, crowded scenic spots, safety acci-
dents between tourists and other phenomena. It has seriously affected the tourists’ play expe-
rience and is not conducive to the sustainable development of tourism consumption and tourism.
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In order to improve this situation, we forecast the number of tourists in each scenic spot according
to the time, and build a model through the data to provide tourists with travel suggestions. To
solve the appeal problem, we first collect tourism data of each scenic spot, and on the premise of
sufficient data, we use the LSTM model in deep learning to train the data set. Through forward
propagation and back propagation training model, we can get the predicted results. Then, accord-
ing to the number of tourists predicted by LSTM, it is applied on the tourism service platform to
guide tourists to travel off-peak, improve their playing experience, and effectively help the scenic
spot management personnel to arrange commodities and personnel.
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Figure 1. Raw data
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Figure 2. Differential analysis of tourist numbers
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Figure 3. Simple RNN model
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Figure 4. Internal mechanism of RNN
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Figure 6. LSTM forgetting gate
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Figure 7. LSTM input gate
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Figure 9. Calculation of the LSTM input gate
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Figure 10. Calculation of the LSTM output gate
10. LSTM #itE1THHE

DOI: 10.12677/aam.2023.125218 2149 I3RS


https://doi.org/10.12677/aam.2023.125218

B G 45

4. 1RBIFGR

T NECBE BB O, 18I LSTM AR I & B AN S PR Bt e Ay &, I BT
My 2022 i NBURTE DL BRRA LLNZRSE: MR = 7:3 BILLBIRINZREE, e R
RESI[6]. AR AATH T il NEOTINACE, Kb 2 GO TN Es, B0 RnEdE, RALZRK
FrLE 1L, AR KO 1.

400000
350000
300000
250000
200000
150000
100000
50000
0

Figure 11. Forecast results of tourist arrivals

2004-1
2004-12

2005-11

2006-10
2007-9

11, B ANETIUNER

™
—
'
~~~~~~ 7o)
—
=]
(9]

@ qQ o2 9%

n <+ T T o o
O >~ = =

ISERSERS) - = o o

ISERS IS o o A a
A aQ

— TR A\ %

2020-7

2021-6

2022-5

S bR LSTM B8, AT LA HAE A LSTM BRI 2 N TRy BEAR,  H6 TR 2 B sty
DUEIRE BN (0 SR, PR oS - F000 4 1 e 2 NSO AT AT A vy, 30mT DAASE FH F000 P 2 N Bt A7 % ¢
XA 2 S5 2n THIR IS5 50l A7 B FLE AT S, e i 2 — LU AT A 1A A Bl ] 1 St X 2
NG E BRI, 5 X R R0 K i B4

Table 1. Tourist population projections

= 1L R AR EE

#H e NETIN
2022-1 157,952
2022-2 151,307
2022-3 169,420
2022-4 159,977
2022-5 162,078
2022-6 160,539
2022-7 151,582
2022-8 155,893
2022-9 149,756

2022-10 149,916
2022-11 159,205
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