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Abstract: The traditional identification method of fossils has always been tedious, inefficient, time-consuming and la-
borious. It cannot satisfy the needs of fast and further development of paleontological studies already. At present, there
are three kinds of automation technologies used to identify fossils including expert system, multivariate statistical
analysis and artificial neural network. With recent advancements in digital cameras and computer vision, multivariate
statistical analysis and artificial neural network have become more and more popular and important. The combination of
them will be an inevitable trend in the field of automated fossil identification systemsin the future.
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