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Abstract

In order to alleviate the contradiction between supply and demand in the domestic timber
market, China attaches great importance to the construction of fast-growing forest bases. As one
of the world’s three fastest-growing tree species, eucalyptus has great economic value because
of its easy planting, adaptability and short rotation cycle. A large number of single fast-growing
rafts have replaced the original natural forests and cultivated land, causing ecological and envi-
ronmental problems such as biodiversity loss and local water shortages. Accurate monitoring of
the planting area and planting structure changes of the eucalyptus forest in this area is the key
to objectively evaluate the relationship between the plantation of the eucalyptus forest and the
ecological environment in the region. In this paper, we take sentinel-2 and MOD09GA in Lanc-
nag region as examples to extract vegetation index and transform tassel cap, and based on the
spatio-temporal data fusion technology, the vegetation index and the cap transformation index
are respectively combined to obtain the high spatial-temporal resolution NDVI data and TCA
data, to extract the characteristics of vegetation changes in the eucalyptus forest and to achieve
high-precision eucalyptus distribution mapping. The results show that: 1) The phenological
change characteristics of rubber forest based on spatio-temporal fusion data extraction can
realize the identification of eucalyptus forest; the recognition accuracy can reach 80.12%, and
the Kappa coefficient reaches 0.71. 2) When using NDVI index data classification, it can obtain
higher precision classification results than TCA index data, indicating that vegetation index data
has a good application prospect in high-temporal data fusion and vegetation remote sensing ap-
plications.
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Figure 1. Geographical location and sample point distribution of the study area
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Figure 2. Evaluation of fusion accuracy
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Table 2. System resulting data of standard experiment
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