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Abstract

This study aimed to investigate the relationship between performance informing and individuals’
acceptance of autonomous machine ethical advice, and the role of trust in the relationship from
the perspective of trust calibration in the field of automation. Using a random sampling method,
202 participants were invited to participate in this study, and the hypothetical decision-making
scenario was used as the research material to explore whether performance information can im-
prove people’s acceptance of autonomous machine’ ethical advice. The results showed that per-
formance informing correlated positively with trust and acceptance of autonomous machine ethi-
cal advice, and trust played a mediating role in the relationship. This study demonstrated that
performance informing can increase people’s acceptance of autonomous machine’ ethical advice.
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1. E@RYRE

MATHEA TG 23S Fp TAE . A3 7 T 0 B A AR @1, FF AT BRI X 75 R SCR BT 30
Sof NATTHIAE 0 5 SR 205 A5 FR R 1 B 9 8R40 (adivice taking), 45 FR 42 5 2 2% 1800 3% (advisor) Y 2 L
TE R R SRR (T By, WimEdE, 2009). o, EUCGE HIAE 2 RIREE ERREE TR, HH R
WLTE PSR 3 I A s b 2 E BRI . R UCRANERE T, @il v DL S ANk, il B2
AEESAFEN) “EWE” o BEE IR RAIAW K RE, B EHL A (autonomous machines) £ 28 al A $
B B PR WU, A NI 2 5 ECRY A AP, JUH R TE i A A
WIS WONMETR D . B IERINLB M mRIc Hae /1, 5 AWMU, ANSPEERI R RsEA v 6
IR S R R A . 0T AAMIE 2 KFERE FIERCRYN H EVLAR B SR g i, DA R el 3 33 AT T5
H LA G R R W2 R, KA B et B LA 7R N\ 2R T8 B8 e SR AU P (1 B 5 5 ., e ik
L3810 AT 1) R

—UERFRSCHF T E LA B R SR A A T2 AT e . B, Bigman & Gray (2018)HF 7tk
W, MNMTEAPNEZ VL A R TIE SR, (HAE LR ST AH G BB 8 g o v B 2 LA Nk
HRILEBCE A . DO SR UCRNE TR, B T @R R SREUE RS . AR5 5%
BRIEA, AT BB S AT w3 B O SR (T B, Wik, 2009). BHL, ABFFHLET B
1k R 4t (automation) 435 (AL HE (trust calibration) ¥R £ (Chen et al., 2021), #if [) ASe s 25 40 1012
Fszbattfe, BEIYERE S &0 (performance informing) 875 82 5 AT B AL 2808 128 e o i i P2 52 R

(EAERHERR R AE F P o B S TR SRR 5% T B MRe )12 (Mg S0 B 26 &R 1 #2(Chen et
al., 2021). (EARRHERI TN Y, AT BN RARIETS B3k RAMRE /12 M T EA EITE, AA1]
RGBS M A E UEEE S SBH PN 2GR BEE, HIELMH (Lee & See, 2004).
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RUE 5

TEAERAER H B0 AT T B s KRG R AL ACE = A TEFR AN, an SR P Rev% 2R A 5 30
WHAR AT L, BA 7T A2 B NG S S A AKRHBURIE B 31k AR (McDermott & ten Brink, 2019),
T A PR B B AR 3 B2 A5 AR O HE 5 {5 4T (calibrated trust). K& H AL TE3 K IL, BAER
HEAT BT e e NATTE AN B s AL B (Chen et al., 2021). 5 EHEMLRZEEEL, ATXE A EHLHELE
PSEAR A B BARIE AT, FPLH E PB4 (algorithm aversion, Bigman & Gray, 2018), iX i] fig thFR
Hill T NATT A LSRG R R B2 . N SRAHLAS 46 B WSk I AL 3 R B, R NS IE B A B)
b 2 G B AT 2 S B R AN ) 2 248 AR (Gaudiello et al., 2016; Parasuraman & Riley, 1997). B4, FH
FEE B ATARAE 715, A AT RESE S AT B ENLERIOMEAE, AT GERE AT B 20 AL 0 e 5 g U ) 42
ZREE .

MR E B R G S AT A JE Rt K 1 BE (performance) . i F5 (process) . H I (purpose) =N J7 T (Lee &
See, 2004), PEREARILHHLE A LR VAL J. 5 AREVCE AL, PLEsm s s F R - KT AN
W R EEARIE, R AT S B ENEEAT B ORI EEREK . Alaieri & Vellino (2016)## 1) 1
NATXS WA AR SR S AT )8, DA 7 T S 3 52 e A AT T LSS T B e SR A B, — R AT IR T HLES
TEE R EEG Z ) BRI A ZE 7, IR LA B A A% 2 42 S5 U ) R SR T AATT R A2 ] 3
PRI AT TN o DO AN 7 T R 35 R, ARHIF 9T PR PR R i X — B AR HE R 73, RIS IR AT
HENLES TR AT, TR A EALE L S TR, GEEE S AT B LA s g
WIHERZ AR . BT AR NS A 3 R G SR 3 R UCR AN IT 78 25 S (Gaudiello et al., 2016;
Parasuraman & Riley, 1997), AR A E : PERER F0A AT REFE M AAT XS B ML AR08 7 e 05 e W e 52 FE
MR B =N B AT R E R AR .

2. MRMAE
2.1 #ik

K FH G * Power 3.1 52 AT s FEAS K, RIITREE 172 44 i1k (effect size d = 0.5, 0. = 0.05, Fiitfa
55 1 power 1 — B = 0.90). RABENLHIFETI 5%, TE Credemo WLELF & (https://www.credamo.com) i 55 T
210 ZHERSIN T AT, MR A R (A>T 20 By pouiRk 8 N, SRAGA G 202 4y, A RLER
#H 88.7%. M, FME69 N, Zeth133 A, ERSUSIH, 25 £ LA 63 A, 26~30 % 63 A\, 31~35%
52 N\, 35 % DL 124 No FrAI7E Tt AE s AIESY, SERUG RSN 5 JoE .

2.2. WEMR

221, HAREER

2% Koenigs %5 N (2007) A58 i) 1 25 W SEAE B, I 5090 S ARG X — TE A EL Al 5544
BHIR s A2 —FKAERIZRIT. XK, AR BRIE AR SR SRR Sk bR 2, i SR
IZINIEFSESE 1o I, RME B NI X R 25 (0P B ARZ, s R IR 245 1) 50%, (H & A 44
2y T0%MEITVE . X PSR A RN, BTUATES RS IR A T o ARTT DA VRIB 44 W 2452 56
T AR ETNRIZGIE NS, B BRI 24 R A S BN B I R, HERE R S 2

TEZNESEH, A TP &G AT FE I fE e s g i, Bk 25 Al 255 0 3K . #alik
PRI 50 B 25 )5 W S SR AR R s, RO R TNE T AP A R

1t 2 BTigiE 79 L (B HE 52 N, &t 27 NS5 TARNIE. ERPORAE Likert 9 s EE
% RIS, RPTHEIGFER R T AR, 7 7 1 RRELAW KRR X, 5
FoRAWE, 9 KT W MRk XS 2 REY, MW RIGEY Jog X H, M =6.99, SD = 1.24,
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Wk

t(78) =14.28, p<0.001, F WA EE S AW T .

2.2.2. (ERESH

K FVE 5 15 R HELL K (verbal trust calibration cues, Okamura & Yamada, 2020), B¢t BE 5 RIITE 5T
#EL. Okamura %5 A (2020) % it 1 PURPEAT R #ELL 2 (trust calibration cues, TCCs), FFiEH T8 5 (5 RHE
R IA RN

PERE S JIAM RS TR =ANEE—H 1. IFEAIMERE(Lee & See, 2004). WA R, HRIFI
FEPANEFE IS BORFF— 30 XONTE T MR8 35 A2k 1R AR 06 T- B BN YRR RR, 1otk Re S Fn 2l
Pl s = MRS B . B FNLERII MR AT S DL - BT N R I, W 70K B L8 o SR i M e ] Sk
WE N 95%, LU G ] FEMEAR S EBOG T UL MEER R . thsh, BRFCEHIR T A B 7 H ok A
FHIA .

PR 0 ] B 2O RS A R SR R o B BT 5, R B 5 2 A ¥ 24 5 D SR 24
RS, BT ZEEMNLAS ORI TSN 95%. HH LG T HARRERE, XA IEPEF R i B
LFH .

[otEae s an ] RO R SR U @ BETH, @ UG R LR 25 1) ¥ 24 )5 0 S 1 B9
Zj. WRAECAHRUMNES, B ENBOEEIT TIHE . M T HARRERE, XA EEERR U2
B

R BIPEN T B BN TG AR, A8 B FHLERE B SR BT, #aE B DL T S0,
HIRBWAH — 6 HEVBRA L REEI: WL, FEISEL —EBIIR ARG —6 5 LN
H LA R IR R TR R B0 5 N AT A8 B Sk, HE 320 SR 168 T BLAE S BEALES |
Al Z5t% .

223 WE

W BORPORAEIE “URA 2 KR iE S iR £ nl 25 5L -\ ? 7 o KA Likert 9
by, Hi 1A “ATRE” . 9 AR “DATTRE” o BOlfERMS B FHLAS R AW AIRT 55
%, AT R S R A TR . BB R R AR B WU VSR 15 55, BV e sk gt il 4%
X
fE54F: RH Merritt (2010) %l FEAT )46 . %I N RAERE R, 3L 6 BN H, ARSI “IL
HE TA ZB—MHEIIMPATE” o KH Likert 9 siih4r, Hi 1K “mmfiAFR" , 9K “mziE
B, 9ok, RBERGEZ A B . PHRRY, ZNERA RIFr G ESRRE(Merritt,
2011). FEABFFLH, ZIEE 1) N — B 2 % (Cronbach’s o) 0.892.

GNP EENE: SR Merritt (2011) gl (RSN T SE1% )6 . X MG R4 R, BOREGAREIZ “an
REFHEELS 7R 100 NEUBTRTERE AR, /RIANEEVSESEZPRZIEWK? 7 #HiAFHES
0~100 TR E T, BTk, RUEIZ NN E EVLEHERE T

2.3. fIREITERE

KB R A . B BE L5 FO B S0 2H (M Rk 2 A 2H) S A ot R 5 mndl) . ke %
Bl BEAE B AR WA A, B RN R VO FEREHT ORE, BURHSEERR. BRI 5
PEER, IS AR
2.4. BB

K SPSS 25.0 #EAT IR TEST T /3 Hr AAR 5 20 BT, R ] PROCESS 2% /7 IR 4 HEAT o/ RN B,

DOI: 10.12677/ap.2022.1211444 3662 o3 2


https://doi.org/10.12677/ap.2022.1211444

K H Bootstrap 2 & i 5000 X% IE3R1G S 504811 BL K 95% 8 15 X [H]
3. &R
3.1 BRI

PRSI MR T MO AR RS . SRR, X TEGIEEM, MRS S (M = 81.22, SD =
15.28) % & = T M RE S A4 (M = 73.66, SD = 15.02), t(200) = 3.54, p < 0.001, FHIMERES R T 4
AT H LA IR AT SRR, Ul SEHR AR AT R .

3.2. ARG S FIEX S

HRVEGEH AT AR ST W26 1. 3¢ 1 nl %0, MERES A S15AT . B2 2 0] 15 5 B 2 IEAH O .
PR SRS R 3 e, S SR R AT 3 IE A OG  WH 32 FE AT FRREAS t ARS8 (55 0
HHATER) & B, t(201) =13.71, p<0.001, FIAMERES FNHEmE T AN IXT H FEHLASE o 5 W RIHEA2 1 .

Table 1. Descriptive statistics and correlations among study variables

= 1 R Mg SRR ST

M SD el G PERE AN BT
PES 1.66 0.48
R 2.18 1.00 0277
PERE N 0.48 0.50 -0.06 0.03
fE1E 6.76 1.19 -0.10 0.34™" 017"
RS 1.33 1.38 -0.15" 0.15" 0.18" 0.24™"

F: T, p<0.05; 7, p<0.01; 77, p<0.0l. PR ERSCAEASE: R B =1, & =2; i 5B UF =1,
26~30 % =2, 31~35% =3, 35 %Ll L =4, FH.

3.3. (BIERNPNB D

PLPE DI AIAEES Jodas il 28 &, DAMERE S S TN AR &, DMEAE N AR &, DL SZ B N T A2 &,
K F PROCESS Z 2 (HE R 4)BEATEAL I R A ER 08, /A s I 2. SR Bootstrap 656 -1 /- R
F S, R BB AR B TR RN B 0.08 (95% CI [0.01, 0.19]), BAS X [AIAELE 0, i B [A] 432 M A2 R N &
B3, BN 17.52%. XERY, EAEEMERES TS BUEERER R AT RIEEFNMER.

Table 2. Regression analysis on the mediating role of trust between performance informing and decision advice acceptance

T2 FEEMESHNESEUEREXRZTHPMER O

AR T A & b SE t R? F
PR &0 0.38 0.16 2.433" 0.14 10.68™"
{54 5 -0.01 0.17 -0.06
G 0.39 0.08 482"
PERE AN 0.38 0.19 2.02" 0.09 4.96™
N fEE 0.21 0.08 2,51
e P -0.30 0.21 -1.45
ARG 0.07 0.10 0.73
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4. Thig

AW NG B SRS A AER A0 F 2 B ENLE AR, BRI T 1R
PTG SRR U B SRR B L. WE TR B, PERES AR T AT A
T AT H NS EE SR R W2 E .

AR T RS AN — P S AHER 7, TR AT B EMLES Yo @ WU 2 FE I 3K
Mo EARFTEH, Mk 20 L E 5 5ER 7R (95%) 1) B FHLES U Sl S KT, REE A B AT B
(3 R RE 1 TR BOBE W VPN, B AT LR i e 2 . A= T D5 N (2022) TE T Al B UEE
ZIERZEA R, TR Al ISMIRFE.  “ANBE” RRIE L N-AL B B)(RG) =A A H R AR D
AMEEEZ AL BB OCR 3R o #IRIX — W, AR TR AR T A R AL A E AR SR o, R T ] )
N-Al B 57 FE R DA AT AL BB RE . BRI, AT T B BN 3T 1 — AR ST
TE TR ()4 52 JE P AFAEAE 22 5 o 75— MRV SR AT G JRURG: v SR AU, — S8 A0 R AT TAF AR 3 B RO,
WHT IR T AR E (Algorithm appreciation) Bl %, #1101, 248 sk A MG HHIE A iy A 44
H PR T AR AL B AL B BN AR N B S s B, AT SRS T PR Y (Logg et
al., 2019) o (HAETE R LR SR, AT 70 R B FR 1A 17 AT B EHL A B S 50% IR (Gogoll & Uhl, 2018;
Jauernig, Uhl, & Walkowitz, 2022). IXEMEE, AMIXFH EHLASH)— Mok S5 RIS 7 e 5 v] B8 5 AN RO
HHLHI, FFE e AT B ENLEE SRR B2 . AW ST BT VR R 2 R RE S 42 A AT TR
B A LAE R SRR, SLIE 2 58 B AR T XM 32 AL 8 WU SETERR T .

WEFCRIL, AT B FHESAEAEEERE 5 AN B B E R R SR @ W Z 2 R R A P E
EVCRIFE TR I, N E AR AN 50 ORI B ZL R R (i Hy, WiedE, 2009). H 3Lt
FALKIL, AT T ARG RIS ATIE T AT THLEE RS B (Merritt, 2011); JRHZ 2 AfTi&
FIRELZ AL, BAEAENATRT B Sk ks i 2) E Z/EH (Lee & See, 2004). AHF 7R,
TENMZZ B, XF H B ST R AR5 i AT B LA G e s B2 . X — RPUNiE
A E AT A EVBREAE, DO B VL8 A TR 2 IR T — S %

W IEAFAE — AN R A Rl . 126, W FURE g SR I A kbl i SCARTE A o 2, #lTE
BEAT SR P RS Z X BE AR, (AR 700 DA e th B P s A, LIk, AN R ARTE AL
HMAEIEE A TR AR A W 0 7 AT AT, IS T S R B IS A i R AR A
RPE.

RRMF T AT N T TR 5, FET AR, RAERITTERLS A5 B SIS s S il
P FERIR R BB Iy, ABMEEEE WM E . AR S, BUBUmE . 4l
W B /RSN (Haidt & Joseph, 2004). A FTTAE A AR S22 I B 1% — B AR LA,
ARSI TR HoAth T8 A RS BT TR, RIS 6 i R0 75 5 M St 35 K e il A 1) 1 il e
T2, AT S MRS ATE F NS 8 e S e 2 R R . ok, BRI A AE AT
R 77 5 AT B FNEE R R SR Z B R o AT OCR PR R 5 A E 8 m AT B 14
HHTEEARHERI 7%, Lee FI See (2004)$2H, AATX HEMLRIGAE AR REM B R=YEE, K
S FE AT R R 2 A F B 035 S E A B AR R 71, R0 I T [ Fe L8 e SR e i 52 B 1)
YEH - B4k, Okamura %5 A\ (2020) B it T DU FMEAT R HELL R, AEARIMERE S M5 % T 5 BIEREL R,
RRH T TR ARG AR L B2 B A B TS AT B EVLZHE R SR U2 R

5. 51
BRI R 4510 PERS S AME N — RS TR i, Bemsi i AN I3 T 1 BN IS4, Tk

TARIBET IR = AT E EHL
REMLER ISR, IRt
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(2020C35080) % B .
S E ik
2R, BRAENT, RIT, £BH, B = (2022). AT AN LR R U2 R R R, OB AR G, 104),
202-214.
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