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Abstract

The purpose of this paper is to construct a credit scoring system model in the era of Internet
finance by using the data mining method. This paper firstly selects the data provided by the credit
reporting agency and preprocesses the data, finding that the indexes that directly reflect credit
history, repayment pressure and repayment ability of customers have stronger classification abil-
ity. The SMOTE algorithm is used to reduce the imbalance of the data through oversampling; and
then learning the best single-layer decision tree weak classifier in the new training set and com-
bining the weak classifiers constructed by the AdaBoost algorithm into a strong classifier, the
model accuracy is 80% stability, and the average performance of the classifier is 88%. Finally,
considering the classifier performance, classification cost and program running time, the loan
forecast overdue of the model test set sample is selected by the model with 2000.
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Table 1. Personal credit evaluation model indicator selection and interpretation
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Figure 1. Schematic diagram of missing model index values
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Figure 2. Numerical indicator variable box line diagram and abnormal situation
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Figure 3. Chi-square test scores and relative importance of each characteristic variable
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Figure 4. Correlation heat map of each characteristic variable
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Figure 5. Loan status map (—1 means not overdue, 1 means overdue)
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Table 2. Model training result
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7 0.30 0.7004 0.7003 0.7003 0.7691
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Figure 6. The number of model classifiers is 500 and 2000 ROC plots
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